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Experiments & Results

Why Consistency in Dialogue Matters?
n Preliminary Analyses
• Popular models exhibit degradation in conv abilities as turns increases.
• The consistency of training data affects the performance of fine-tuned 

models, with higher consistency data yielding superior results. 

Skeleton-Guided Multi-Turn Dialogue Generation

Conclusions

n We propose ConsistentChat, generated by a simple yet effective Skeleton-Guided framework for supervised 
fine-tuning, which can be applied in broad downstream dialogue scenarios.

n Extensive experiments show that ConsistentChat outperforms existing popular multi-turn datasets in terms 
of chat consistency, as well as both single-turn and multi-turn conversational ability.

n Stage 1: Intent Modeling
• Identify nine types of human conv Intents. 
• Each intent is formalized as an information 

flow schema describing how topics, user 
goals evolve across turns.

n Stage 2: Skeleton Generation
• Generate user query skeletons aligned with 

intents under well-defined information flow.
• Produce all responses in a single pass with 

CoT prompting, improving coherence and 
preventing topic drift.

• This generation yields dialogues are globally 
consistent, context-aware, and human-like.

n Consistency Improvement
• Models fine-tuned on ConsistentChat 

achieve a 20–30% increase in consistency 
and significantly reduce topic drift across 
turns on the LIGHT and TOPDIAL.

n Multi-Turn Conversational Capability
• ConsistentChat models show up to a 15%

higher task success rate and stronger 
resilience as conversations deepen, even 
surpassing larger models (Qwen-2.5-14B-
Instruct) on MT-EVAL benchmark.
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n Current Paradigms
• Single-Turn Methods

• Multi-Turn Methods

(1) Query Generation

Overall, the dialogue is highly consistent, 
context-aware, and emotionally supportive.

Consistent Multi-turn Dialogue
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(2) Response Generation

ConsistentChat = +

Paper Code Dataset

(a) Consistency result (b) Multi-Turn conv ability result


