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Why Consistency in Dialogue Matters?

B Current Paradigms .l Preliminary Analyses
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* Single-Turn Methods '« Popular models exhibit degradation in conv abilities as turns increases.
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Skeleton-Guided Multi-Turn Dialogue Generation

B Sta ge 1: Intent MOdenng F_—Q-\ (1) Query Generation ~ - %Consistent Multi-turn Dialogue ~
* Identify nine types of human conv Intents. Human (Quory Set)| | o A pronhew vt

GPT (71): One effective way to manage is to create a routine includes

activities you enjoy, like reading, listening to music, or walking. Would you
ﬁ% like some more specific techniques or tips?

Conv Intent

 Each intent is formalized as an information
flow schema describing how topics, user
goals evolve across turns.

B Stage 2: Skeleton Generation

* Generate user query skeletons aligned with

- ‘7 (2) e SEEEI b GPT (73): One effective strategy is to practice mindfulness, which involves
/ focusing. on the present moment \fvithout judgment. This can help you gain
intents under well-defined information flow. | - N Crmmm R e
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. . . — - Q‘ \ @ / disorders and have experience with the techniques you’re interested in, such
preventing topic drift. . /
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* This generation yields dialogues are globally Overall, the dialogue is highly consistent,
consistent, context-aware, and human-like, & consistentchat = Query Set |+ (Response Set | (7% context-aware and emationaly supportve. =

User (q5): I tried meditating, but it seems a bit overwhelming. Am I doing

Information
Flow
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\ it wrong?
/ ) GPT (r,): Meditation can be challenging at first, and 1t’s okay to find 1t
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overwhelming.... Be patient and not to judge your progress harshly.
User (q3): Sometimes I just can't shake off the feeling of worry. It's always
there in the back of my mind. How can I manage this?

RGSp Oonsc Set User (g,): I’'m thinking about trying therapy for help. How do I find the
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as cognitive-behavioral therapy...

Experiments & Results
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Conclusions

B We propose ConsistentChat, generated by a simple yet effective Skeleton-Guided framework for supervised
fine-tuning, which can be applied in broad downstream dialogue scenarios.

B Extensive experiments show that ConsistentChat outperforms existing popular multi-turn datasets in terms
of chat consistency, as well as both single-turn and multi-turn conversational ability.




